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Abstract

The credibility revolution in the social sciences has placed new emphasis on research
designs that provide strong evidence of cause and effect. The next generation of hate
crime research must move in this design-based direction. This essay reviews recent
examples of experiments and quasi-experiments in criminology, political science, and
economics that provide useful design templates for hate crime researchers. At the
same time, we caution that advances in design must also be accompanied by advances
in measurement if researchers are to gauge the long-term effects of interventions
designed to reduce the risk of hate crime.

Keywords
hate crime, causal inference, research design

During the 1980s and 1990s, the terms hate crime and bias crime took root in popular
discourse, media coverage, and public law (Jackson, 2005; Jacobs & Potter, 1998;
Messner, McHugh, & Felson, 2004). Although usage varied, the key features of this
neologism were embodied in the Federal Hate Crime Statistics Act of 1990, which
defined hate crime as

crimes that manifest evidence of prejudice based on race, gender and gender identity,
religion, disability, sexual orientation, or ethnicity, including where appropriate the
crimes of murder, non-negligent manslaughter; forcible rape; aggravated assault, simple
assault, intimidation; arson; and destruction, damage or vandalism of property. (Hate
Crimes Statistics Act, 1990)
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By this definition, hate crime is a behavioral manifestation of prejudice, where the
behavior in question is conduct, such as assault, that would otherwise be unlawful.
Although this definition of hate crime was and would remain controversial, with vary-
ing opinions about which target groups should be covered (Boyd, Berk, & Hamner,
1996; Craig, 1999; Jenness & Broad, 1997; Wang, 1994), whether the definition
should include forms of political expression (Lawrence, 2009), and whether motiva-
tions can be measured reliably (Berk, 1990; McDevitt et al., 2000), the advent of hate
crime as a public policy issue attracted the attention of scholars from a wide variety of
disciplines. The 1990s saw the rapid proliferation of academic books and articles
across an array of disciplines: law, sociology, criminology, and political science.

Perhaps because hate crime research straddled disciplinary boundaries, scholarship
subsided as hate crime faded from front-page news and policy debates. Unlike preju-
dice, a core topic in social psychology, or ethnic conflict, a core topic in political sci-
ence, hate crime never achieved the status of a topic on which courses were routinely
taught. Ironically, by the turn of the century, hate crime had been upstaged by growing
scholarly interest in kindred topics such as genocidal violence (Fearon & Laitin, 2003;
Kaufmann, 2006; Kiernan, 2007; Madley, 2005; Peterson, 2002; Verwimp, 2005) and
the automatic activation of prejudices (Dasgupta et al., 2000; Fazio, Jackson, Dunton,
& Williams, 1995; Greenwald et al., 2009; Gregg, Seibt, & Banaji, 2006). Hate crime
research was also methodologically vulnerable. At a time when the social sciences
were experiencing a “credibility revolution” (Angrist & Pischke, 2010) that placed
new emphasis on the experimental or quasi-experimental research designs that could
convincingly demonstrate cause-and-effect, hate crime research was predominantly
the study of correlations. Some research sought to look at over-time aggregate rela-
tionships between hate crime and macroeconomic conditions (Green, Glaser, & Rich,
1998; McLaren, 1999) or demographic transformations (Esses, Jackson, & Armstrong,
1998; Grattet, 2009; Green, Strolovitch, & Wong, 1998; Olzak, 1989), but for the most
part empirical research focused on cross-sectional correlations (Green, Strolovitch,
et al., 2001; Messner et al., 2004; Nolan & Akiyama, 1999; Stotzer, 2010; Waldner &
Berg, 2008).

Looking back at the rise and decline of hate crime research, one might reasonably
ask whether the study of prejudice-motivated crime warrants continuing scholarly
attention. In our view, the answer is yes, not only because of the substantive impor-
tance of the topic but also because this is one of the few literatures in which theories
of prejudice are tested using behavioral outcomes outside the laboratory and outside
the United States. But if this literature is to move forward, it must do so in step with
methodological advances in social science. Specifically, researchers must place a pre-
mium on research designs that can convincingly identify causal effects. As we suggest
below, this requirement puts new emphasis not only on experimental designs but also
on the development of new measurement techniques for assessing outcomes.

To preview our argument, we begin by defining what we mean by experimental,
quasi-experimental, and observational research designs. We next suggest a variety of
untapped research opportunities for field experimentation and the investigation of
naturally occurring experiments, drawing examples from other substantive domains.
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At the same time, we acknowledge an important limitation of experiments that assess
the effects of interventions on hate crime rates: These rates reflect the incidence, as
opposed to risk of hate crime. If victimized groups relocate to more tolerant areas in
the wake of an anti-hate crime intervention, it is possible for an intervention that truly
reduces the risk of hate crime to nevertheless raise the incidence of hate crime in
treated areas (Bowling, 1994; Ferraro, 1995; LaGrange, Ferraro, & Supancic, 1992;
Weisburd et al., 2006). Interventions that actually work may appear to be counterpro-
ductive. For the hate crime literature to overcome this problem, researchers must
develop alternative outcome measures that gauge the risk of victimization. We sketch
out some possible ways of doing so and conclude by envisioning the next generation
of hate crime research.

Experimental and Quasi-Experimental Designs

In the social sciences, the term experiment refers to studies in which the units of obser-
vation are assigned by some known random process (e.g., a coin flip) to treatment and
control conditions. Random assignment helps ensure that treatment and control groups
differ systematically only insofar as one group receives the treatment and the other
does not.! For example, imagine a study in which the objective is to estimate the aver-
age effect of an advertising campaign that uses roadside billboards to increase public
awareness of hate crime laws. If the unit of analysis were the municipality and the
outcomes were gauged by a survey of public awareness conducted a year after the
launch of the advertising campaign, an experimental study would randomly assign
each municipality to advertising or no advertising with known probability.

An observational study, by contrast, does not employ random assignment; instead,
an unknown process determines whether units are treated or not. In the context of the
billboards example, an observational study would compare municipalities that hap-
pened to deploy public information billboards with those that did not. Although
observational studies are easier to conduct than experiments, the lack of control over
the assignment process introduces uncertainty when researchers draw causal infer-
ences from the results. If the data were to reveal differences in public awareness
between treated and untreated municipalities, does this difference indicate the causal
effect of the treatment, or was the deployment of billboards a marker for unmeasured
differences in municipalities that are correlated with public awareness? Although
researchers may strive to measure these unobserved confounders and control for
them statistically, the very fact that they are unobserved implies that one can never
entirely rule out threats to causal inference. This fundamental uncertainty undercuts
the scientific value of much observational research (Gerber, Green, & Kaplan,
2004).

Somewhere along the continuum between experimental and observational research
lies the quasi-experiment (Cook & Campbell, 1979) or natural experiment (Dunning,
2012). This intermediate category encompasses research designs that focus on natu-
rally occurring assignments that are plausibly characterized as random. For example,
if a federal government grant were to make funds available to cities of more than
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100,000 residents for deploying public information billboards, one could arguably
compare cities with just under 100,000 residents to cities with just over 100,000 on the
grounds that this arbitrary population threshold partitions these cities in a near random
way.? Like an observational study, a quasi-experiment does not use a random proce-
dure to determine treatment assignment; however, like an experiment, a quasi-experi-
ment makes use of a design-based identification strategy that focuses attention on a
specific set of comparable cases. The persuasiveness of the evidence generated by
quasi-experimentation comes down to how plausibly random the treatment versus
control comparison is.

Experimental Designs

As noted above, past research on hate crime has relied almost entirely on observational
designs. What would experimental and quasi-experimental designs look like? Let’s
start with experimental designs. To appreciate the wide array of design options avail-
able to researchers, it is instructive to canvass recent work outside the domain of hate
crime research. The following four categories of experiments offer useful templates
for studies that seek to investigate the causes of hate crime.

Randomly Varying Crime Prevention

The field of criminology has long conducted experiments in field settings. Some of the
most ambitious studies have attempted to assess the deterrent effects of increasing
police presence in randomly selected locations. An early study (Kelling, Pate,
Dieckman, & Brown, 1974) paved the way for more methodologically sophisticated
experiments that focus on randomly varying police presence in crime “hotspots”
(Sorg, Haberman, Ratcliffe, & Groff, 2013; Weisburd et al., 2006). Outcomes in these
experiments are assessed by tracking the incidence of crime in geographic units such
as street blocks or neighborhoods. Complementing these area-level experiments are
individual-level experiments that look at the effects of arrests (Sherman, Smith,
Schmidt, & Rogan, 1992) and incarceration (Green & Winik, 2010; Martin, Annan, &
Forst, 1993) on offenders’ subsequent criminal activity.

In principle, both ecological and individual research paradigms could be applied to
the study of hate crime. For area-level policing experiments to have ample statistical
power, the number of hotspots needs to be as large as possible, which means that the
study must be set in a location where hate crime incidents occur with high frequency.
This requirement may rule out all but the most active epicenters of hate crime, such as
inter-communal violence in Indian slums or anti-gay violence in Russia, and also
necessitates reliable and ongoing measurement of hate crime in multiple locations. An
alternative, discussed below, are measures of risk that may be used to monitor out-
comes across locations and time; ideally, such measures would detect variation in the
potential for hate crime even when the number of actual incidents is small. Similar
opportunities and difficulties apply to experiments involving individual perpetrators.
Where ample numbers of perpetrators can be found and where their subsequent
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behavior can be monitored, random assignment allows researchers to address long-
standing debates about how to assign sentences to minimize recidivism.

Randomly Varying Messaging

Although messaging experiments date back to the 1940s (Hovland, Lumsdaine, &
Sheffield, 1949), fully randomized experiments have been relatively rare in media
research until relatively recently (for a review, see Green, Calfano, & Aronow, 2014).
An experiment carried out in Rwanda, a society with simmering ethnic tensions fol-
lowing a genocide and civil war, randomly assigned villages to receive tape-record-
ings of radio soap operas (Paluck, 2009; Paluck & Green, 2009). Half the villages
listened to an HIV education soap opera, and half listened to a soap opera designed to
reduce ethnic hostility. Outcomes were assessed using surveys and behavioral mea-
sures. One limitation of this study is that subjects knew that they were listening to a
radio program as part of a research evaluation. Other recent experiments on mass
media have used less obtrusive designs, assigning media markets to different levels of
television and radio advertising and measuring outcomes in ways that do not call sub-
jects’ attention to the connection between media exposure and outcomes. Some studies
have used surveys to measure opinion change in treatment and control regions, whereas
others have tracked behavioral outcomes using publicly available administrative data,
such as voter turnout rates (Green & Vavreck, 2008; Panagopoulos & Green, 2011).

A variety of testable messaging hypotheses may be derived from theories of hate
crime. For example, if hate crime reflects perpetrators’ beliefs about the public’s tacit
approval of their behavior (Herek, 1992; Levin & McDevitt, 2002, p. 37), an effective
messaging campaign might stress broad consensus denouncing this kind of conduct. If
hate crime reflects a deterrence failure whereby perpetrators ignore sentence-enhanc-
ing sanctions (McDevitt, Levin, & Bennett, 2002), an effective public messaging
might stress these sanctions and the importance of reporting hate crime incidence to
police for investigation. Finally, if hate crime reflects widespread intergroup hostility,
hate crime might be mitigated by messaging campaigns that promote empathy and
dispel negative stereotypes.

Randomly Assigned Changes in Power Arrangements

A rapidly growing line of field experimental research explores the effects of changing
who governs. This research began by focusing on the distributive consequences of
installing women as local council heads in Indian villages (Chattopadhyay & Duflo,
2004) and gradually expanded to consider the effects of leadership change on attitudes
toward women and minority groups (Beaman, Duflo, Pande, & Topalova, 2012;
Bhavani, 2009; Chauchard, 2014). This series of experiments was occasioned by
India’s 73rd and 74th constitutional amendments that required one third of all local
governments to place a woman in the position of local council head. In effect, the
Indian government in 1992 set in motion a vast randomized experiment in which
underrepresented groups were propelled into positions of power.? In addition to
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capitalizing on random allocation of leadership positions by governments, researchers
have also collaborated with non-governmental organizations that have made the
empowerment of women a precondition for aid programs in places like Afghanistan
(Beath, Christia, & Enikolopov, 2013), the Democratic Republic of Congo (Humphreys,
2008; Humphreys, Sanchez de la Sierra, & van der Windt, 2012), and Indonesia
(Olken, 2010). Of special relevance are studies that assess whether elevating women
to council-level positions in male-dominated societies affects the social position of
women in the eyes of their fellow male and female villagers (Beaman et al., 2012).
Finally, there are studies of randomly varying contact with others, such as Clingingsmith,
Khwaja, and Kremer’s (2009) study of how Pakistanis’ attitudes change as a result of
being randomly selected to visit Mecca or McKenzie et al.’s series of studies examin-
ing how visa lotteries affect the outcomes of those who are randomly selected to travel
abroad (Gibson, McKenzie, & Stillman, 2011; McKenzie, Gibson, & Stillman, 2010).

Hate crime researchers have yet to take advantage of opportunities afforded by
quotas or equal-access requirements that empower subordinate groups, such as women
or ethnic minorities. Theories advanced by Blumer (1958) and Bobo (1999) imply that
interventions that threaten to disrupt social hierarchies precipitate backlash against
those who are perceived to be outsiders or upstarts. Indeed, hate crime is sometimes
characterized as an informal use of power to maintain hierarchy when formal policing
breaks down (Franklin, 2000). One interesting feature of this line of research is that it
pits two competing hypotheses against one another: Formal rules that affirm norms of
equality are thought to promote tolerance (Franklin, 2000; Sniderman, Fletcher,
Russell, Tetlock, & Gaines, 1991) while provoking extra-legal behavior among those
who reject these norms.

Audit Studies to Measure Discrimination

One of the largest experimental research literatures in social science assesses the
extent to which people of varying ethnic, racial, gender, or class attributes receive dif-
ferent treatment at the hands of employers, realtors, bankers, and retailers (Fix &
Struyk, 1993; Marias, Patell, & Wolfson, 1985; Banerjee, Bertrand, Datta, &
Mullainathan, 2009; Ondrich, Ross, & Yinger, 2000; Riach & Rich, 2002). Many of
these studies use a matched pair design whereby two putatively identical people with
different racial attributes attempt to lease the same apartment (Ondrich, Ross, &
Yinger, 2000) or apply for the same job (Pager, 2007). In recent years, this literature
has increasingly featured communication via the Internet, as many job and housing
markets have moved online (Ahmed & Hammarstedt, 2008). Starting with Bertrand
and Mullainathan (2004), a burgeoning literature has tested whether employers dis-
criminate based on race and gender, whether teachers grade based on ethnicity
(Sprietsma, 2012), and whether legislators respond to putatively Black and White con-
stituents’ questions at similar rates (Butler & Broockman, 2011). Closer to the domain
of hate crime, experiments have been used to discern which kinds of issues are most
likely to make White supremacists advocate violence in chat rooms (Glaser, Dixit, &
Green, 2002).
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The use of audit experiments has many applications in the realm of hate crime. For
example, working in collaboration with undercover police, researchers could assess
the relative risk that gay or straight couples are harassed as they walk through a
neighborhood. Below, we consider the important role of audits to measure the risks
faced by target groups in various settings. Other applications involve the way in
which public officials, police, or journalists respond to hate crime allegations. For
example, working in collaboration with local groups that informally monitor hate
crime complaints, researchers could assess how the attributes of the victim affect the
speed, seriousness, and empathy with which police respond to a hate crime com-
plaint. This design could be implemented without use of deception if the monitoring
organization gathers complaints that could legitimately be construed in more than one
way (e.g., incidents directed against victims who are both racial minorities and gay);
the experiment would vary which identity is described initially as the basis of the
incident.

Quasi-Experimental Designs

Sometimes practical and ethical constraints preclude the use of randomized experi-
ments, in which case the next best option is a study that capitalizes on an as-if random
intervention, such as a discontinuity, abrupt policy change, or unforeseen event. Four
types of quasi-experimental designs may serve as models for hate crime research.

Discontinuities

The use of discontinuity designs to identify causal effects has become increasingly
popular in the social sciences. The basic idea behind discontinuity designs is to com-
pare observations that have all but identical background attributes but receive different
treatments due to the application of rigid rule. A classic case is the comparison of
students whose entrance exam scores vary by only 1 point, with some barely qualify-
ing for a scholarship and others falling 1 point short. Because data tend to be sparse at
the point of discontinuity (e.g., the cutoff score required for a scholarship), researchers
use regression to leverage information from observations that lie farther away from the
discontinuity (see Imbens & Lemieux, 2008).

Substantive applications of discontinuity designs are quite diverse. For example,
Folke and Snyder (2012) study the policy consequences of electing a right-wing party
candidate as municipal council representative, Hopkins and McCabe (2012) study the
budgetary decisions of White or minority mayors in the United States, and Dunning
and Nilekani (2013) study the consequences of installing lower caste village leaders in
India. One could use the Folke and Snyder (2012) design to evaluate the hypothesis
that office holding and hate crime are substitutes—that higher rates of hate crime
occur in polities without political representation for right-wing sentiment. And, akin to
experimental studies of India’s random rotation of women council leaders, one could
use a discontinuity design to study whether elevating a member of a subordinate group
to a position of power leads to a surge of hate crimes directed at that group.
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Interrupted Time Series

This method focuses on the effects of a sudden shock that is hypothesized to generate
a shift in outcomes. Classic examples of this methodology may be found in Campbell
and Ross (1970), who use interrupted time-series analysis to evaluate the effectiveness
of interventions designed to diminish traffic violations. More recent applications to
criminology include evaluations of police interventions (McGarrell, Chermak, Weiss,
& Wilkson, 2001; Novak, Hartman, Holsinger, & Turner, 1999) and the implementa-
tion of new laws or procedures that affect the severity of punishment or the probability
of apprehension (Dube, Dube, & Garcia-Ponce, 2013; Vasquez, Maddan, & Walker,
2008). Because these interventions are not randomly timed, researchers must be alert
to threats to inference, especially regression to the mean (see Cook & Campbell,
1979).

This type of approach has occasionally been applied to the study of hate crime.
Testing whether a terrorist attack provokes retaliatory hate crime against people who
are linked (perhaps mistakenly) to the terrorist group, Hanes and Machin (2014) stud-
ied the consequences of the 7/7 attacks in London and the 9/11 attacks in the United
States on subsequent anti-Arab hate crime. In this example, the authors construct a
time series of hate crime attacks against a set of target groups and look for a short-term
bump in hate crimes after the terrorist event; the persuasiveness of this approach is
bolstered by placebo tests that show no corresponding jump in hate crimes directed at
other groups. Similarly, King and Sutton (2013) used an interrupted time-series design
to test whether particular types of hate crimes increased after antecedent events such
as the Rodney King and O. J. Simpson verdicts, the 9/11 attacks, and court rulings that
legalized same-sex marriage.

The research task going forward is to assess how general this pattern is—Does it
hold cross-nationally? Does the response in terms of hate crime depend on whether the
attackers are perceived to have acted alone or whether they are linked to a broader
political movement? A related line of work is the study of local events that serve as a
flashpoint for hate crime, such as the opening of a gay bar or Muslim community cen-
ter. So long as researchers obtain reliable measurements of hate crime before and after
the event for both affected and unaffected areas, a difference-in-differences estimator
(Dunning, 2012) may be used to isolate the causal effect of the flashpoint event. Again,
caution is required when interpreting the results, especially when the timing of the
intervention is non-random and selection of comparison groups is post hoc (Bertrand,
Duflo, & Mullainathan, 2004).

Recurrent Cycles

Another source of plausibly exogenous variation in treatments is the set of events that
recur at regular periods. For example, Levitt (1997) uses the timing of municipal elec-
tions in the United States as a source of exogenous variation in the size of police
forces, which in turn is used as a factor affecting crime rates (for a correction of Levitt,
1997, see McCrary, 2002). Election cycles have also been linked to surges in ethnic
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violence in India (Wilkinson, 2004, but see Varshney & Gubler, 2012). Spikes in sum-
mer heat and global climate change have been used as a source of interpersonal aggres-
sion (Anderson, 2012; Kenrick & MacFarlane, 1986; Miguel, Satyanath, & Sergenti,
2004). Rotation in which countries’ representatives head international institutions has
been linked to foreign aid patterns, which in turn are thought to affect the frequency of
human rights abuses (Aronow, Carnegie, & Marinov, 2012).

Natural Experiments

Researchers typically use the term natural experiment to refer to the study of a broadly
similar collection of observations that differ only with respect to exposure to an inter-
vention (Rosenzweig & Wolpin, 2000). These designs often make use of natural disas-
ters or fluctuations in weather to identify the effects of scarcity on ethnic conflict (Nel
& Righarts, 2008) or election outcomes on policy (Gomez, Hansford, & Krause,
2007). Some applications seek out instances where observations receive almost identi-
cal “treatments.” For example, Jones and Olken (2009) analyze the effects of assassi-
nations on democratization by comparing instances in which national leaders were
attacked and killed with those in which national leaders were attacked but survived.

Because what constitutes a closely comparable set of observations is a matter of
opinion, applying the term natural experiment to an observational study is sometimes
controversial. An arguable example of a natural experiment in the context of hate
crime research is Krueger and Pischke’s (1997) study of hate crime in post-reunifica-
tion Germany, which experienced an abrupt change in its immigrant settlement policy
and shortly thereafter saw a surge in anti-immigrant hate crime. Among the challenges
of studying the effects of changes in hate crime law are the endogenous timing of
adoption of new laws (the concern is that adoption may be precipitated by a spike in
hate crime) and the fact that the measurement of hate crime itself tends to become
more systematic after the adoption of hate crime laws, which may render before—after
comparisons uninterpretable.

Further Challenges: Measurement of Risk

Suppose that researchers in years ahead were to assemble a series of well-designed
experiments and quasi-experiments. There is no question that such a development
would advance the understanding of cause and effect as it pertains to hate crime.
However, even if stronger experimental and quasi-experimental designs were adopted,
there remain barriers to inference that cannot be overcome without new methods for
measuring hate crime. Some of these measurement issues, such as the need for com-
parable measurement standards before and after the implementation of a new policy or
program, have been mentioned above. Below we highlight an additional measurement
issue concerning the distinction between incidence and risk.

To appreciate this subtle measurement issue, consider the following scenario.
Suppose researchers in a large jurisdiction were to conduct a randomized experiment
designed to reduce the number of hate crimes occurring in certain hotspots. The
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specific intervention could be any of the ideas discussed in the previous section; for
concreteness, suppose that the intervention featured increased police surveillance in an
effort to deter hate crime. Suppose further that the study were conducted impeccably:
The allocation of police surveillance faithfully follows the random assignment, and
the daily incidence of hate crime is recorded accurately in every geographic location
for the duration of the study. A study of this sort would surely contribute valuable
insights regarding the short-term effects of increased policing: We might obtain highly
credible evidence that police presence does indeed reduce the number of hate crime
incidents that occur during periods of heightened surveillance.

The limitations of this type of experiment become apparent when we consider the
long-term effects of this intervention.* If a hate crime hotspot were to become substan-
tially safer for potential victims, they might visit these areas with greater frequency.
Perhaps they might become more likely to select a former hotspot as a place to live or
work. If our only measure of outcomes were the number of hate crime incidents, we
might observe a perverse pattern over the long run: As areas become safer for potential
victims, the number of hate crimes directed against them increases. This scenario is
familiar to those who study the correlation between hate crimes and demographic
profiles. Relatively tolerant areas, such as New York’s Greenwich Village, attract large
numbers of gay men and lesbians; these areas also tend to record the greatest number
of hate crimes directed at gay men and lesbians (Bailey, 1999; Green, Strolovitch,
etal., 2001).

The problem is that the number of hate crimes does not necessarily provide an
accurate assessment of the risk of victimization. In the preceding example, one could
imagine the incidence of hate crimes rising in an effectively treated hotspot precisely
because potential victims perceived a decrease in risk. If each potential victim is
exposed to half the risk of hate crime in the wake of the intervention, ceteris paribus,
the expected number of hate crimes will increase if the number of potential victims
more than doubles. The same logic applies to forms of behavior that vary in risk: If in
the wake of the intervention, certain behaviors become safer (e.g., same-sex couples
holding hands in public), the number of people engaging in those behaviors might also
increase, possibly leading to an increase in the number of hate crimes. In effect, if one
imagines hate crime to be a probabilistic process in which potential attackers are occa-
sionally confronted with behaviors they find intolerable, even interventions that make
hate crime more costly to perpetrators might nonetheless lead to more hate crime
because the number and salience of provocations increases.

An analogous issue arises in other contexts. Improvement in brakes reduces the risk
of traffic accidents at a given level of speed; however, truck and taxi drivers respond to
improved brakes by increasing their average speed (Aschenbrenner & Biehl, 1987; Vaa,
2013). The net effect is to leave the number of accidents unchanged. Clearly, it would
be incorrect to conclude from the over-time incidence of taxicab accidents that improved
brakes were ineffective; rather, they produced two countervailing effects that offset one
another, faster speeds and reduced risk at a given speed. In the context of hate crime, we
would ordinarily applaud innovations (such as increased police surveillance) that
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reduce risk even if it means that the number of incidents remains constant because more
potential victims were ultimately exposed to risk.

For hate crime researchers, the conundrum is that the lack of apparent long-term
effects on the number of hate crimes is consistent with two very different hypotheses.
The first is the one described above, whereby diminished risk increases the number
and type of risky behaviors. The second is that the intervention has no long-term
effects whatsoever. One way to adjudicate between these hypotheses is to measure risk
directly. If the intervention were to significantly reduce risk while leaving incidence
unchanged, researchers would have a clearer sense of the intervention’s immediate
and long-term repercussions.

How would one construct a systematic measurement of risk? The measurement
protocol resembles an audit experiment in which confederates periodically engage in
behaviors that are believed to provoke hate crime. For example, an interracial couple
might hold hands while walking down a street, or a person dressed in the garb of a
religious minority might attempt to deliver flyers to passersby. Outcome measures
might range from open expressions of hostility to more subtle nonverbal behaviors
indicating aversion or disdain. If such auditing behaviors were deployed at randomly
selected times and locations in sampling units corresponding to experimental units
(e.g., neighborhoods), one could use the rate of each type of behavior as an outcome
measure in an experimental study. Moreover, one could supplement this measurement
approach with other modes of data collection, such as a probability survey of local
residents that asks respondents about the perceived risk of hate crime associated with
assorted vignettes (see Institute for Social Research, 1995). Recognizing that no mea-
sure of hate crime risk is free from flaws, the researcher nevertheless attempts to apply
systematic procedures redundantly and symmetrically to treatment and control units.
Redundancy helps insulate the conclusions from bias associated with a particular mea-
sure’s flaws; symmetry ensures that whatever the flaws may be, both the treatment and
control group are equally exposed to them so that the difference between treatment and
control, in expectation, reflects the treatment effect.

Of course, undertaking a systematic risk assessment only adds to the already per-
plexing measurement problems confronting the study of hate crime. Audit studies are
potentially dangerous and require some degree of collaboration with police to limit the
ill effects of an encounter with an attacker. Although policing in other domains (e.g.,
robbery) sometimes involves undercover work whereby plainclothes officers pose as
potential victims, this type of work is seldom if ever done according to a random sam-
pling scheme that covers both high- and low-risk areas. To implement an audit there-
fore requires introducing undercover activity to the domain of hate crime while at the
same time introducing the concept of unobtrusive measurement as an activity distinct
from the apprehension of perpetrators. This is a tall order; however, the past decade
has witnessed increasingly ambitious measurement strategies for assessing hard-to-
assess outcomes such as inter-ethnic trust (Habyarimana, Humphreys, Posner, &
Weinstein, 2011), prejudice (Kremer, Barry, & McNally, 1986), or deference to author-
ity in post-conflict societies (Paluck & Green, 2009).
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Conclusion

The literature on hate crime has lost some momentum since its apogee in the 1990s.
However, like a society that industrializes late, it may ultimately profit from the pas-
sage of time. Social science has become more methodologically sophisticated in the
interim, and the study of hate crime stands to benefit from the many developments in
the design and application of experiments and quasi-experiments. By reviewing some
recent exemplars, this essay has sought to encourage hate crime scholars to look for
well-identified and theoretically informative research opportunities.

It should be stressed that the goal going forward is not merely to improve the meth-
odological quality of this research literature but rather to conduct well-crafted research
that investigates substantively important aspects of hate crime. A frequently voiced
concern about identification-oriented social science is that it privileges well-executed
but substantively trivial research. Although we think this concern is unlikely to apply
to identification-oriented studies of hate crime, we nevertheless conclude by suggest-
ing three broad research agendas that both lend themselves to credible causal inference
and speak to long-standing theoretical and policy questions.

One research agenda is the causal link between political institutions and hate crime.
For example, do systems of representation that allow extremist parties provide an out-
let for xenophobic sentiment and thereby reduce the expression of hate crime? Or do
such parties legitimate and increase the risk of hate crime? This kind of research topic
could be addressed through the analysis of interrupted time series or discontinuities,
using changes in rules of representation or the narrow victories/defeats of extremist
candidates. A related question concerns state capacity, or the ability of formal institu-
tions to apprehend, prosecute, and punish offenders. Over-time changes in technology,
training, and transportation that expand state capacity set the stage for researchers to
investigate downstream effects on intergroup violence.

A second agenda concerns the relationship between macroeconomic conditions and
hate crime. Many theories of intergroup conflict argue that competition and resent-
ment precipitate out-group hostility and provide incentives for mass media and politi-
cal leaders to channel this sentiment into xenophobic forms of collective action.
Cross-regional differences in economic performance may be fraught with unobserved
heterogeneity, but the over-time study of changing economic conditions, especially in
the wake of external shocks, may be informative. Moreover, the many community-
based aid experiments that target significant financial resources to villages in develop-
ing countries make it possible to investigate the basic question of whether exogenous
shocks to local economic conditions affect inter-ethnic attitudes or behaviors.

Third, the role of social norms lends itself to well-identified and substantively sig-
nificant research. It is often argued that what people do in everyday life is heavily
shaped by their perceptions about what others think. In particular, people are sensitive
to standards—real or imagined—of socially acceptable attitudes and behaviors. This
theoretical perspective implies that interventions that clarify or dramatize social norms
may have a profound effect on the manner in which out-groups are regarded and
treated, especially when it comes to extra-legal behaviors such as hate crime. This
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proposition lends itself to experimental investigation in schools, via the mass media,
or through any channel that can convey social norms about tolerance and respect for
the rights of others in an authoritative and convincing manner. To be sure, this abbrevi-
ated list of research topics in no way exhausts the range of interesting questions to be
asked. Our point is simply that methodologically sophisticated and substantively tell-
ing research is feasible given ample research effort.
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Notes

1. See Gerber and Green (2012) for a more detailed discussion of the statistical properties
of experiments and the conditions under which they render unbiased estimates of causal
parameters.

2. The assumption of an as-if random breakpoint would be jeopardized if some municipalities
contrived to raise their populations above 100,000 to extract more federal funds. On the
rationale for discontinuity designs and the assumptions on which the analysis of disconti-
nuities depend, see Imbens and Lemieux (2008).

3. Similar randomized quota policies have been enacted in places such as Lesotho.

4. In the parlance of economics, these long-term consequences are termed general equilib-
rium effects. See Heckman, Lochner, and Taber (1998).
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